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Problem Statement Can we repurpose first party data, typically used for user experience, for marketing?
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Data and Methodology

FEATURE ENGINEERING PROPENSITY MODELLING g Azure G oo gl e
+ Time based features and actions DevOps i 4
: : | s aciy snapsnots couns) | nomated Ensemed, Analytics
Feature Engineering T  Prchase categores ety
Google Cloud Platform (GCP) 30821'; &
Google Cloud 2 S Contig YAML Inputs User Actions &

Google Cloud

* Model choice N?r;éﬁ?sne
» Hyperparameters Performance ok? E n g a g e m e nt
* Train-val-test split
ﬁ DATA ANALYSIS & VISUALISATION « Time frame
« Evaluation metrics Yes, save trained model
- - Manual Inputs
Propensity Modelling i
« Purchase categories v u -
« Limiting parameter L f t V I
Traffic from client's website 2L CONVERSION ACTION BIDDING I e I m e a u e

and app are logged and stored
in Google Analytics 4 (GA4) Y ‘ Run Python script to automatically determine the & Reve nues
desired conversion actions bid values using
Cloud based SQL _ | Run automated Python script to SHAPIley scores, based on trained model weights
o query file o generate visualisations
L] L]
Conversion Action ~ l
= = OUTPUT =
O Bidding Geolocation
Normalised bid values of
G I A d \ conversion actions relative to a
oogie S OUTPUT purchase

* Engagement time vs purchases

Purchases by hour of day l
« Device distributi =
- . G(;\éllf)iatliz: r{ejvlgrr:je and distributions .\ DeVI Ce &
AIB Testl n  User journey funnel
. g » New/returning user revenue & LTVs Google AdS Traffi c SO u rce

Exploratory Data Analysis

Total Purchase Revenue by User Type

N Summary Number of Unique Users per Event Funnel
I_ Statistics

Session Start 1382)5/0
@ Sweden, Denmark, Norway
View Item
Monthly Revenues: Add to Cart
US$1.6M — US$9.3M
Add Shipping Info 39..88:/(0

33.0% (US$561,000)

80% of users spend ~5 mins purchase o ® 3% Conversion Rate
or less on the website

Returning

Model Evaluation Metrics Test / Control Cumulative Value Ratio

F1 Score Balanced ROC-AUC o
Accuracy 100%
Seaaralad Viedhine LR 0.7358 0.9850 0.9927 10%
— . LASSO 0.7364 0.9838 0.9927 0% —
— Learning Model : V
Ridge 0.7383 0.9839 0.9926
) XGBoost 0.8149 0.9815 0.9938 -100%
‘Q. 93% True Positive Rate Ensemble 0.8424 09731 0.9957 7/1s  7/16  7/17  7/18  7/19  7/20 7/21  7/22  7/23  7/24  7/25
100% Relative Weights by Strategy Test / Control Cumulative Page Views Ratio
0
| 10% Improvement in ROAS* - 100%
50% 40%
’ ) Z 50% 24%
@ 24% Increase in Page Views* 0% 0% 0% 3% f,,l ?
0% - - U .i""‘:— -’ ra O%
Click View Item Add to Cart  Start Checkout Add Shipping Purchase 7/15 7/16 7/17 7/18 7/19 7/20 7/21 7/22 7/23 7/24 7/25

Proportional . Markov Chain m® ML Models All-In

*Not statistically significant

Deliverables

Due to the inconclusive testing results based Handoff of EDA and model pipeline code with
on only 2 weeks of data, we recommend configuration files will allow GroupM to m.

Acceleration Group continue the running A/B replicate these results and extend them to 2 Azure Dev-Ops Acceleration Group
tests for at least an additional 5 weeks. additional clients Repo Presentation




