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Business Problem

Liberty Insured
Mutual company
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O |dentify insights into the drivers and
9, interactions that result in fall risk

@ s>0°  Lower loss ratio through reduced

frequency and severity of falls claims

Liberty Mutual provides risk control
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6.8 m|II|or(1j people in \?frfalilf’].refu:;[i mha g Costs the US Economy consultation services to employers to -@- Allow for better underwriting, pricing,
emerger;c;\;;‘uzﬁ);rtments SCEVere trJa uur)r/1a enea 144B$ each year improve safety and reduce injuries 22’2 o and capital reserves for these claims
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DemogrepticFesure We computed the Average Treatment Effect with and

. e without confounders to compute the bias induced by
Cluster Label FoeryFatae3 confounders. We also computed a treatment effect with a
1

Choked_langoustine earenresre2 random treatment to assess the causal relationship
— g o oemreaues significance. We obtain the magnitude and direction of
- Walking_lobby 2 Hosth st the causal effect of each treatment on Falls.
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Causality Interpretation

(No (Confounders)
confounders)

*Examples and figures are for illustrative purposes to preserve confidentiality Importance

If you are 1 year older, it
Age increases (on average)
on Fall 0.014 0.01 your risk to fall by 1%
. .. Claim
Flor morg shpecn‘lcsl |n3|gbhts, we —_— Baseline August Improved the Baseline
c chIStetre Vt\/ e Cgitt‘? ys;s y etrie Model Model model (Random forest If you have a fall claim, the
3 Inaustry. vwe obtaine trai Loss loss amount (on average)
L rained on GL data) b g
i, |nterpretab|e |abels that SenS|t|V|ty 0.14 0.85 0 ) y amount on 937 526 is $526 more compared to
id text on the Fall 450% Fall Claim a non-fall claim
provide context on the Falls. Specificity 0.92 0.97
F-measure 0.18 0.81 _ . . . .
*Figures have been modified for illustrative purposes to preserve confidentiality

Business Impact

72\ Improve the effectiveness of Liberty’s risk consultations

\_\%// ”_'b for falls risk

Target at-risk clients

@4.@ |mprove customer retention based on our successful
(ﬁ interactions and interventions

with interventions that
are more accurately
tied to their falls

catalysts In estimated annual business Reduce the amount of fall claims through a more efficient

value when deployed prevention process

Significant parts of the results (e.g. features) were removed for confidentiality purposes
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