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computing descriptive statistics over a weekly window

» Randomly sample healthy machines based on an
optimized sampling ratio to reduce variance
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Model Design
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» Two-stage random forest classifier imerers Unique Calbratons

1. Predict action (faulty) or no action (healthy) > Make weekly predictions (with suggested action and
confidence) for any store/device in the US

o > Dynamically plot histograms chosen machine
» Automated process to select features, tune decision against all others for the most features important

thresholds, and estimate optimal sampling probability

2. If action, predict technician maintenance or cleaning

to the prediction based on the SHAP values

Business Impact

| Foducad i pater iventon) > Feasibility testing shows tangible savings

I Early detected visits
I » 83% reduction in ‘no problem’ visits
I — » 45% of required technician interventions
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Cumulative savings (USD k)
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> When scaled to US stores, we estimate total I I I I
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