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Problem Statement

lllustrative Clinical Trial Pipeline S I T - o . o
In navigating the complexity of clinical
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Upon leveraging numerous machine learning models, we Resulting from our machine learning insights, we can conduct a
guantified the impact of two statistically significant scenario analysis and quantify the lift in NPV. Upon a minimization of
operational components. These were found to affect both the identified key hurdles, we observe three potential lifts in NPV.

trial delivery and net present value (NPV).
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were able to ac.hn.eve stron-g Out oii Sample o Operating Out-of-Sample Time predictions Trial delivery Since we care .at?out m_terpretabuhty of our models,
performance predicting on-time delivery of Area-Under Curve we found statistically significant parameters in two

clinical trials aligned with internal time 8 ! specification:
expectations. g 067 2 e L 3 A * Time predictions of specific trial segment
We used a wide range of models, such as: 04 A N * On-Time delivery with the specified segment
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Logistic Regression, Decision Trees, Random 2 ke g : 0.82 i L .
Forest, Gradient Boosting, Categorical Boosting - '... Statistically significant Statistically significant Leveraging our results is going to be the next step in
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